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Application of PSO-based rough set theory and neural
networ k to aeroengine fault diagnosis

YANG Hai-long, SUN Jian-guo

(College-of Energy-and Power Engineering,
Nanjing University of Aeronautics-and A stronautics, Nanjing 210016 , China)

Abstract : A new method based on neighborhood rough set model and neural networks
(NN)integrated with particle 'swarm optimization (PSO) algorithm was presented in this pa
per for fault diagnosi s of aeroengine. Firstly, usng the algorithm of attribute reducing based
on neighborhood rough set \model , we deleted the unnecessary attributes from the decison
table. Secondly/ the PSO was used to train the weights and the thresholds of NN instead of
BP algorithm. TFherefore, The NN trained by PSO was applied to aeroenginefault diagnoss.
The damulation resultsindicate that the method has shortened the training time and i ncreased

the diagnos s accuracy.

Key words: rough set; particle swarm optimization algorithm; neural networks;
aeroengine; fault diagnoss
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